
1 

 

 

ARMA METRO NEW YORK CITY 

 

Winter 2019 

ARMA Metro NYC  
Mentorship Program 

                    

               Page 18 

2019 Spring  
Conference 

               

             Page 11  

Analytics: We've All  
Heard the 101  

Page 10 



2 
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About exchange 
 

exchange is a publication of the ARMA Metropolitan New York City 

Chapter, Inc. (ARMA Metro NYC), P.O. Box 1462, Grand Central 

Station, New York, New York 10163. The publication provides a wide 

range of content. An annual digital subscription to exchange is  

included as a benefit of membership.  
 

Opinions and suggestions of the authors do not necessarily reflect 

the opinion or policy of ARMA Metro NYC or ARMA International.  

Additionally, acceptance of advertising does not constitute official  

endorsement of the product or service.  
 

For more information about exchange, please contact Editor-in-Chief 

Jennifer A. Best at NewsletterVP@armanyc.org 

About the ARMA Metro NYC Chapter 
 
 

ARMA Metro NYC is a local Chapter of ARMA International, a  

not-for-profit Professional association and the authority on managing  

records and information. The Chapter supports its members through 

educational seminars, events, an annual educational conference, 

and its publication exchange. Its members are RIM Professionals, 

as well as individuals who work in related fields, such as technology 

and law.  
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Dear Readers:  
 

 

The Chapter year is in full swing, and there is a lot  
to be excited about! One upcoming event that I 
would like to highlight in this column is the Spring 
Conference on March 5th.  
 
Notably, the conference features four diverse educa-
tional tracks— Governance, Risk & Control, Technology, Information 
Governance/RIM Practices and Legal— and key topics include priva-
cy, data governance, cybersecurity, cross-border data issues and stra-
tegic planning and growth. As always, the sessions will be led by 
prominent speakers, such as Bill Saffady, Jason Stearns, and Mark Di-
amond. Please click here to learn more and register! 
 
As you know, the content of last year’s issues focused on data. Since 
the response was overwhelmingly positive, I decided to continue to 
feature content on this topic. In this issue, there is a video excerpt 
from the September 2018 evening meeting where use cases for ana-
lytics in law firms and corporations was discussed. I also included a 
prior interview with a data scientist. I think the interview and the 
presentation complement each other quite nicely— the former pro-
vides the reader with a solid understanding of data science and its use 
cases while the latter delves into more detail about data analytics initi-
atives.   
 
I hope you enjoy this issue and, as always, please feel free to share 
your feedback with me.  
 

 
Jen Best 
Editor-In-Chief, exchange (NewsletterVP @armanyc.org) 

https://armanyc.org/meetinginfo.php?id=89&ts=1547834106
mailto:NewsletterVp@armanyc.org
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Greetings ARMA Metro NYC Chapter Members and Friends, 
 

One only needed a few minutes of Twitter time on January 28th be-
fore being inundated with tweets featuring the hashtag 
#dataprivacyday, which is a nod to the internationally observed phe-
nomenon. Politicians, corporate executives, pundits of all walks of 
life— even celebrities— all took to social media to express their views 
on a once-esoteric issue that has galvanized the masses, seemingly 
overnight, and has taken up center-stage in global policymaking de-
bates. It amazes me how far we’ve come, and how far we have yet to 
go. 
 

To say that technology (and by that I mean the churning machine of 
innovation and all its by-products: idea incubators, funding, research 
and development, marketing) advances rapidly is a gross understate-
ment. We’ve come a long way from discovering that we can encode 
binary information in a transistor. Indeed, our capacity to store data 
has compounded steadily and predictably for a long time (see 
Moore’s Law). As I see it, that evolution was the first dimension of da-
ta as a transformative process.  
 

The second dimension was the advent of the Internet and its rapid 
maturity into a full-blown ecosystem that enables us to distribute the 
data, and to communicate in unprecedented ways. Along the way, we 
managed to think up devices out of all that technological soup; devic-
es that can autonomously create their own data on top of the data 
that we have generated.  
 

Now there’s data being generated by more sources than ever, and at 
a compounding rate. This is the third dimension.  

A Message from  

The Chapter   

President 
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And finally, our technological toolbox will soon be poised to hyper 
scale yet again in its ability to process all this data. Advancements 
in artificial intelligence and robotics, bolstered by its foundation, is 
the last piece of the four-dimensional “singularity" puzzle. Because 
that is the point where data goes from being an impersonal, ob-
scure concept to what it naturally aspires to be. That’s where we 
make that leap, from piggy banks to hedge funds; the metamor-
phosis where data becomes information. And information can be 
harnessed. It can be consumed, understood and exploited. 
 

Personally, I subscribe to the notion that there is an inherent natu-
ral balance in all things and particularly in complex systems. I be-
lieve there is a cycle— an ebb and flow; a lifecycle, if you will. Rap-
id advancements like the one we’re in the midst of can easily be-
come the proverbial runaway train, and eventually there is a need 
to counterbalance its own self-imploding effects. The question is, 
will we be the creators of our own destiny, assertive enough to ap-
ply the lessons we've learned through the years about lifecycles 
and practical  governance frameworks, or will the counterbalance 
be a more nefarious event and settle things for us if we’re late to 
the party?  

The theme of this issue of exchange is all things data. And I would 
like to take this opportunity to remind our readers what an awe-
some responsibility we have as stewards of information assets. 
Our relevance in this burgeoning global conversation will be script-
ed by the actions we take today, as ambassadors of the discipline 
of Information Governance. The manner in which we educate, col-
laborate and cooperate in this truly evolutionary leap will determine 
whether the power of the information we harness will be used to 
cure cancer, or to start the next world war.   
 

Fondly,  
 

Gene Stakhov, CRM, CDIA+ 

President, ARMA Metro NYC Chapter 

president@armanyc.org 
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Date 
 

Topic Venue 

March 5, 

2019  

Spring Conference 

2019 : Gateway to In-

formation Govern-

ance  

Executive Conference 

Center 

1601 Broadway, NYC 

Register Now 

EVENTS AT A GLANCE 

https://armanyc.org/meetinginfo.php?id=89&ts=1549031402
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This video is an excerpt from a Chapter meeting held in the fall of 
2018. The discussion focused on the use cases for analytics in law 
firms and corporations. The topics covered include the mechanisms 
of analytics, as well as how to effectively communicate with and 
about data. Too often, it doesn't matter how well analytics work to 
achieve a goal if it is too challenging for stakeholders to understand 
why and how the data tells a specific story.  
 
To view presentations in their entirety, the Board of Directors encour-
ages you to attend Chapter meetings or view taped meetings on our 
website— the latter option is coming soon!    

Analytics: We've All  
Heard the 101  

 
A Discussion led by Alexis 

Clark Mitchell and  
Steven Berrent 
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N.B. This interview was initially published in the Spring 2018 issue 
of exchange.  
 

Jen Best: Let’s start off with defining data science. How would you 
define it? 
 

Glenn Hofmann: Data science lies at the intersection of statis-
tics, programming and the specific business application or any 
application for it. The statistics part comes in when one does more 
than data analysis. It does involve writing code and it requires some 
subject matter expertise to make sense of it. It’s those three things 
coming together. Making sense of data, but not just to create a re-
port or dashboard about it, but gaining insights, predicting some-
thing, making a forecast, and ultimately changing an outcome and 
creating a business benefit.  
 

So that’s generally considered data science. It really comes under 
multiple names - we used to call it analytics; now, data science is a 
more popular name. There are strong parallels to predictive model-
ing, artificial intelligence and machine learning. You could call those 
specific kinds of data science. 
 

Jen: You make a good point about involving subject matter experts. 
One of the articles in a prior issue was about asking powerful ques-
tions and how data can assist in answering them. Part of that is hav-
ing someone who has broad based knowledge of the organization, 
understands the current business strategies and where the organi-
zation is going, and is able to articulate those questions. It goes 
hand in hand.  
 

Taking a Deeper Dive 

into Data Science: An 

Interview with Glenn 

Hofmann 
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Glenn: Very true. You can’t really do any good data science without  
understanding the context.  
 

Jen: Right, the practical application in business. 
 

Glenn: The specific things that are in the popular press are things 
like credit scores. Credit scores are an application of data science, 
which is taking a lot of information—in this case credit data that is 
available on people— and predicting whether they are going to de-
fault on loans in the future. Everybody knows that a credit score is an 
important number because it drives interest rates and loan approvals. 
Credit scores are outcomes of data science. 
 

Other things in the press these days are self-driving cars and 
Amazon’s Alexa, which is basically speech recognition and an-
swer formulation. Those are various forms of data science. In 
the life insurance business, it deals with things like underwriting mod-
els, which can predict somebody’s insurance risk. Or it could be mar-
keting predictions, like who is likely to respond to an offer for insur-
ance or who is likely to be retained as a customer. It could be cus-
tomer segmentation; what types of customers do we have and how 
do we treat them.  
 

Jen: Let’s talk about the type of education or skill set that is needed 
to be a data scientist.  
 

Glenn: There is no single path to becoming a data scientist anymore. 
It used to be that statistics or computer science could be the entry 
point. Those are still good foundations. Nowadays, people also may 
have any technical degree or get involved in data science by learning 
on the job and analyzing a lot of data. Or they could come from psy-
chology or economics and do a lot of data analysis from that side.  
 

There are also many online courses available on different data sci-
ence methodologies and tools. But the skill set that people ultimately 
need to achieve is certainly statistical modeling— understanding the 
concepts and nuances for statistical modeling— and mastering a few 
different coding languages. On the tool side, the most common tools 
in data science are SAS, R and Python, and they are very flexible.  
Point and click tools also exist but they are less powerful.  
 

Jen: How would you define data analytics? 
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Glenn: To me, data science and data analytics are the same.  When 
people think of data analytics, they understand it in its simplest form of 
just creating a report or dashboard that business leaders can look at it 
and draw some conclusions. We call that descriptive analytics, or 
business intelligence.   
 

With predictive analytics, you’re not just describing the data and creat-
ing some nice charts, but you’re predicting what will happen next. 
What will people do and how will people react to whatever is there. 
Things like insurance risk— what’s the likelihood of people dying or 
having an accident?  
 

And then there is the prescriptive analytics side. After we have 
predicted what might happen, what’s next is what are we going 
to do about it. Is there something we can do to change people’s 
behaviors? Then there is pre-emptive analytics, which is how 
can we prevent something from happening that might otherwise 
happen, like fraud.  
 

People might hear about things like neural networks or deep learning 
or regression or time series models, which are called supervised 
modeling methodologies. A supervised model means that you have a 
target that you are trying to predict and you have past data on that 
target. Something like marketing response or a fraud you knew was 
there, or a credit default. You know what you are predicting and you 
have some data to predict, which is usually historical data and you 
build a predictive model that addresses that target.  
 

Jen: One of the books I’ve read was about “separating the signal 
from the noise”, which was about predictions and the mentality of 
“more is more” when it comes to data. At some point, having too 
much data can be an obstacle to identify the insights you are 
looking for.  
 

Glenn: That’s the essence of the science of statistics. On a high 
level, it all depends on the signal one is trying to detect. Take a 
classic example: if you have a coin, is it a fair coin? Does it land 
heads and tails 50% of the time usually? Or is it way off- 70-30 be-
cause it’s oddly shaped. Say you want to distinguish the 50-50 from 
the 70-30. If you cast that coin 10-15 times, it’s probably good 
enough to figure that out. But if you were to detect that the coin is 51
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– 49 versus 50-50, well then you need more samples. What’s the 
type of signal you are trying to detect will depend on how much data 
you need. Also, how good the data is.  
 

Oftentimes in business you want to solve a quick problem, so you 
don’t need that much. A lot of times you want to create some com-
petitive advantage, we want to find some data that helps us be a lit-
tle better than everybody else. And for that, having a large data set 
and having additional input data that helps us predict something a lit-
tle better is crucial.  
 

Jen: Are there certain types of data that would not interest you? That 
is, data you don’t see any value in having—for example, data that is 
50 years old. 
 

Glenn: I do get that question a lot. There are two kinds of data that I 
would not consider valuable. One is data that is no longer relevant or 
was never relevant. From a data age perspective, it depends on how 
quickly the phenomenon that you are trying to predict changes. For 
life insurance mortality data, we easily look at data that is 25, 30 
years old, and it is still quite relevant. This is because, luckily, death 
is a rare phenomenon and the major source of what people die from 
hasn’t really changed over the past few decades; it’s changed a little 
bit, but not dramatically. That data would be valuable. If you are look-
ing at who is going to buy the next iPhone and you want to do a mar-
keting campaign, your 10-year old data would be quite useless be-
cause the market for smart phones has dramatically changed over 
the past 10 years. Data is also not helpful if it got corrupted or can-
not be used by regulation. 
 

Jen: Is there data on certain media that you would not use because it 
would be cost prohibitive? For example, historical data on microfilm.  
 

Glenn: Cost certainly does matter and sometimes data can be 
hard to get to if it’s on microfiche and it’s more than a couple 
decades old or if it’s handwritten on paper. For underwriting ap-
plication, it might be useful but for a marketing application it 
probably is too expensive. So, one does have to look at the cost of 
digitizing the data and making it useful versus the value it actually has  
for that particular application. 
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Jen: To what extent do you actively solicit feedback from the business 
regarding the information you are providing to them?  
 

Glenn: I run a corporate data science team and, on any given project, 
we work extremely closely with the business area. We have joint pro-
ject teams, which typically consist of data scientists, people from the 
business area and people from technology. Technology is needed for 
data access and productionalizing any application that comes out of 
the project. The teams have weekly meetings, which are essential be-
cause a lot of the subject matter expertise comes from the business 
team. 
 

Jen: When it comes to the Right to Be Forgotten, which is part of 
GDPR, how will companies respond to people who want their da-
ta deleted? I’m sure there would be a level of technical difficulty, es-
pecially if you don’t have a data map. 
 

Glenn: There is quite a bit of technical difficulty because not only 
are you talking about the primary system but the data that typi-
cally proliferates to multiple systems. It goes from the original 
sales and marketing systems to an underwriting system to a claims 
system to a consumer relationship management system to a billing 
system to a fraud detection system. So, the data proliferates to many 
systems and, of course, these systems have back-ups that go in vari-
ous directions because if there is an outage you don’t want to lose the 
data. So, you would have to delete the data from all of those systems 
and the back-ups, which is somewhat cumbersome. I think most com-
panies today in the U.S. don’t yet have the infrastructure to do all that 
so that would have to be built, which does involve cost.  
 

Jen: Thank you for sharing all of this valuable information. 
 

Glenn: You’re welcome. 
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Alexis Clark Mitchell was the Principal Data Scientist at OpenText 
for Discovery and Analytics at the time the video featured in this issue 
was taped. Prior to joining OpenText/Recommind, she was a Client 
Director at Autonomy managing large scale, cloud-based archiving 
solutions for e-Discovery, compliance, and records manage-
ment.  She also served as the Senior Manager of Operations and 
Corpus Analysis at H5 supporting accelerated document review.   
 

Alexis has a background in linguistics, data science, and search tech-
nology and worked at the Linguistics Data Consortium at the Univer-
sity of Pennsylvania supporting DARPA projects in the areas of infor-
mation extraction, document classification, and topic detection.  
 

Glenn Hofmann is the Chief Data Scientist at New York Life, and 
leader of the Center for Data Science and Analytics (CDSA), a fast-
growing and highly innovative team. He joined New York Life in July 
2016.  CDSA supports many areas of the company with data science 
and AI, such as Underwriting, Actuarial, Marketing, Agency Distribu-
tion, Service and Product.  
 

Prior to joining New York Life, he built and led analytics teams in 
Property and Casualty insurance (at Verisk, TransUnion and Allstate) 
and held leadership positions at Claritas, ID Analytics, and HSBC. 
Prior to his business career, Glenn served as Professor of Statistics 
at the University of Concepcion in Chile. He received his Ph.D. in Sta-
tistics from The Ohio State University in 1997 and his MBA from the 
Wharton Business School in 2009.  
 

Steven Berrent is Managing Director in the Risk and Financial Advi-
sory practice at Deloitte Transactions & Business Analytics LLP, fo-
cusing on Discovery, Investigations, Legal Technology and Infor-
mation Governance.  He is a former IT Director and Litigator and has 
worked in AmLaw 20 law firms as the CEO of a legal service provider 
and as an independent consultant.  He is experienced in deploying 
technology and advanced methodologies to improve the value propo-
sition for services attendant to risk, compliance and the legal sphere.  
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